
1

A
w
a

•

•

•

Vi

Fig. 1. Vis
Radial Ma
rings repre
in (a) and 
several ob
based on P

Abstract—
characteris
as in the tr
state of cl
same time
detecting a
have been

Index Term

1 INTRODUCT

As an important
with almost ever
assessment repor

• Jie Li is with Sch
University, and N
vassilee@tju.edu

• Kang Zhang is w
Texas at Dallas,

• Zhao-peng Meng
China. E-mail: z

(a) 

smate: 

Ob

ualizing the clim
p used to visual

esent the spatial,
formed by multi

bvious warm colo
PCA for finding a

—We present a
stics. Our approa
raditional model-
imate changes a
e. Other two vis
abnormal cases,

n conducted, thro

ms—Climate cha

TION

t part of natural
ry aspect of our
rt [4], global me

hool of Computer 
National Ocean Te
u.cn. 
with Department of
 USA. E-mail: kzh
g is with School of
zpmeng@tju.edu.c

Interact

bservati

Jie Li, 

ate change in C
lize the overall s
, temporal and c
iple triangular He
ored rings on ea

abnormal cases r

new approach
ach integrates th
-based analysis m
and provide use
sualization techn
, which are two 

ough which the ef

anges, spatiotem

l environment, c
r life. Accordin
ean air temperatu

Science and Techn
Technology Center, 

of Computer Scienc
hang@utdallas.edu
f Computer Softwa

cn. 

tive Visu

ion Data

Kang Zhan

hina during the p
state. From the c
clustered informa
eatMaps. Time s
ach disc, indicat
represented by o

h to visualizing 
ree new highly i
methods. As the 

ers with a compa
niques, providing
important analys
ffectiveness and

mporal visualizati

climate is assoc
ng to the IPCC’s
ure greatly incre

nology, Tianjin 
Tianjin, China. E-

ce, The University 
u. 
are, Tianjin Univer

ual Ana

a on Cli

ng, and Zha

period of 1975 -
center: a map, a

ation respectively
sequence is form
ting continously 

outliers. 

the climate da
nterrelated visua
main visualizatio

act and intuitive 
g complementar
sis tasks in any
 scalability of the

on, station-based

ciated 
s 4th 
eased 

after the
in the 
activitie
climate 
extreme
balance
attentio
mostly b

Altho
differen
long-ter
prerequ
paramet
velocity
located 
data in

-mail: 

of 

rsity, 

(c) 

(b) 

C

Clust

Cluste

lysis of 

mate C

ao-Peng Me

1989 based on 
a sector-based r
y. (b) Time Series
med by different 
rising tempretur

ata of multi-dim
alization techniqu
on view, Global R
view for analyzi
ry views, are s
climate change 

e proposed appro

d observation da

e 1950s, which 
discharge of t

es. A series of 
change have t

e weather even
e is under thre
on recently, and
by international 
ough climate st
nt domain expert
rm and large-ar

uisite for all stu
ters, such as air 
y/direction, are 

in representativ
ntrinsically are

Cluster 6 is selecte

ter 0 Cluste

ter 4  Cluster

Station

hanges

eng 

the surface obse
ing-band and m
s Discs, each re
concentric rings

re in the selecte

mensional, time-s
ues, and uses th
Radial Map is us
ing spatial and t
pecialized in an
study. Case stu

oach has been c

ata, radial layout,

was most likely
the greenhouse
environmental d
taken place, for
nts occur more
eat. Climate ch
d related studie
 collaborative ef
tudies are inhe

rts have different
rea observation 
udies [52]. Clim
temperature, rai
usually generate
ve regions at re
multi-dimensio

ed 

er 1 Cluster

r 5  Cluster

-Based 

 

ervation data. (a
ultiple concentric

epresenting a clu
s on the disc. Th
ed years. (c) Sc

series, and geo
he same input da
sed to identify the
temporal pattern
nalysing time tre
dies and expert 

confirmed. 

, visual analytics

y because of the 
e gases generat
degradation eve
r example, ocea
e frequently, a
hanges have re
es are conducte
fforts. 
erently multi-dis
t views, obtainin
data on land 

mate data contai
infall, sunshine 
ed by meteorolo

egular time inter
onal, time-orien

r 2 Cluster 

r 6  Cluster 

a) Global
c cluster 
ster ring 
here are 
atterPlot 

o-related 
ata types 
e overall 

ns at the 
end and 
reviews  

 

rapid increase 
ted in human 
ents caused by 
an level rises, 

and ecological 
eceived much 
ed worldwide, 

sciplinary and 
ng continuous, 
surface is the 
ining multiple 
duration, wind 
ogical stations 
rvals, thus the 

nted and geo-

3 

7  

133

IEEE Symposium on Visual Analytics Science and Technology 2014
November 9-14, Paris, France
978-1-4799-6227-3/14/$31.00 ©2014 IEEE



 

related. As the advance of observation techniques, a surface 
observation network consisting of thousands of stations has been 
established by the World Meteorological Organization (WMO) and 
the Global Climate Observation System (GCOS) for climate studies. 

Though the techniques used in climate change studies, such as 
differential equations, could well capture the evolutionary processes 
of spatiotemporal phenomena, they are costly and have other well-
known limitations [10]. For example, most of these techniques attach 
great importance to the analysis models, while lacking interactive 
processes and the capability of intuitively analyzing big 
meteorological data. Individual changes hidden in such statistics-
oriented processes are often ignored, when analyzing the overall 
changes. Furthermore, because a large number of climate problems 
have no reliable “ground truth” data, it is crucial to develop objective 
evaluation methods for comparing the outcomes of different analysis 
techniques. We thus resort to visualization techniques, and attempt to 
design a visualization framework that can intuitively and 
interactively reveal the evolutionary nature of climate change 
patterns at different spatiotemporal scales. We aim at addressing the 
following requirements [3]. First, climate represents the long-term 
average meteorological status in given regions, to evaluate climate 
changes, statistical analyses based on decades or longer observation 
data are necessary. Second, climate is inherently associated with geo-
information, so the visualization granularities between temporal and 
spatial dimensions must be balanced and easily tuned. Finally, apart 
from macro and global climate change phenomena, users, such as 
climate researchers and policy makers, may also be interested in 
local and micro (e.g. abnormal) conditions. 

Our goal is to identify climate change patterns through visual 
analysis based on in-site climate observation station data which are 
also essential for traditional quantitative methods. The proposed 
visualization framework for climate changes, which we will call 
Vismate, contains three visualization modules, i.e. Global Radial 
Map, Time Series Discs and Anomalies Detection Scatterplot. To 
evaluate our approach, we used Vismate to analyze China Surface 
Data for International Exchange and Global Historical Climate 
Network (GHCN) [25] data, as shown in Fig. 1 and Fig. 12 
respectively. By consulting domain experts and checking against the 
related literature, all the patterns discovered in our case studies have 
been confirmed, thus proving the effectiveness and the scalability of 
our approach.  

The major contributions of this paper include: 

• Visimate, a visual analytical framework for discovering climate 
change patterns at different spatiotemporal scales.  

• Three complementary visualization techniques for spatial and 
temporal patterns in a single view, time-series patterns, and 
anomaly detection.  

• Discovery of several temperature patterns of China and the 
world relating to the climate changes. 

The remaining part of this paper is organized as follows. Section 2 
reviews related work. The approach overview is then described in 
Section 3, followed by three complementary visualization techniques 
in Section 4, 5, and 6 respectively. Section 7 describes two analytical 
case studies and an expert review. Finally, we conclude the paper in 
Section 8. 

2 RELATED WORK 

2.1 Spatial and Temporal Visualization 

Thematic map [41] is perhaps the most traditional method of geo-
related data visualization, which can be viewed as an overlay of 
heatmap or glyphs on a map. A novel type of quantitative thematic 
map was introduced by Speckman et al. [43], i.e. Necklace Maps. 
Taggram [29] is another type of thematic map, in which tag clouds 
[26] were plotted on a map to represent the area characteristics. 
These methods work well for representing static data, but provide 
limited supports for visualizing time-oriented geographic data. Many 

researchers attempted to tackle this problem by jointly using a map 
and other time-series visualization techniques. Malik et al. [27] 
comprehensively used the map, bar chart, line chart and pie chart to 
analyze the correlation between urban crime activities and 
spatiotemporal dimensions. Landesberger et al. [24] designed a 
dynamic categorical data view (DCDV) to visualize human position 
transitions in one day, and associated it with a geography view. 
Furthermore, parallel coordinates [20, 47], ThemeRiver [16, 17], 
stacked bar charts [30], and even all existing time-series 
visualization techniques can be combined with a map to form 
effective spatiotemporal data visualization tools. However, these 
loosely coupled spatiotemporal visualization methods do not provide 
an overview of spatial and temporal dimensions, and lack of intuitive 
and compact methods for visualizing spatiotemporal data in a single 
view.  Different from such multi-view methods, our approach offers 
a global yet compact view, integrating both the spatial and the 
temporal features. 

Radial visualization, or displaying data in a circular or elliptical 
layout, is an increasingly common technique in information 
visualization [6], which often encode time dimension by several 
concentric rings [2, 50]. However, we often ignore its advantage of 
representing orientation and position due to its non-directional shape. 
For example, Qu et al. [34] designed an s-shaped axis used in 
parallel coordinates to represent the wind direction, and Malik et al. 
[28] used multiple regular polygons for the comparative visualization. 
To improve the effectiveness and gain enough space for extra 
visualization components, one often utilizes the inside and outside of 
the radial visualizations. For example, Draper et al. [7] put search 
conditions in the central space, while Wu et al. [50] utilized inside 
space to place a triangular ScatterPlot. A human body chart was laid 
in radar plot by Zhang et al. [54] to visualize a person’s health 
condition, and Burch [2] drew many thumbnails outside the 
outermost ring of the TimeRadar. Inspired by these methods, the 
main visualization in our framework has also a radial layout. We 
encode time dimension by different concentric rings along radial 
direction with a map in the center, so that our approach can visualize 
spatial and temporal dimension at the same time.  Moreover, the 
outside area of the radial plot is utilized to represent clustered 
information that is very essential for climate studies. 

2.2 Climate Data Visualization 

Visualization has been an effective tool in climate studies, and there 
are many classic visualization methods, such as contour line [49], 
standard coloration [41], rose diagram [21], etc.. These methods are 
usually simple and can only show analysis results, lacking 
interactions and the abilities for discovering the potential knowledge 
from big climate data. To clarify the use of the visualization 
techniques in climate studies, Nocke et al. [31] performed a 
questionnaire with climate researchers. The results showed that 
traditional 2D visualization techniques were the most widely used 
tools in climate studies, and there was a gap between climate studies 
and information visualization techniques. As the advance of 
information visualization, more climate researchers have applied the 
state-of-the-art visualization techniques to climate studies. Koethur 
et al. [22] combined clustering and visualization to capture the 
prominent spatiotemporal features from environment models. 
Tominski et al. [48] visualized the global climate network using 
information visualization techniques. Johansson et al. [19] used a 3D 
GIS platform to show the climate data. Both Yannier et al. [51] and 
Janicke et al. [18] have studied how to visualize weather variations, 
which are similar to our work. Their studies, however, focus on the 
use of touch screen in enhancing the viewer’s perception, which 
would potentially complement our work. 

The most related idea was that of Drocourt et al. [8], which uses a 
radial layout plus a map to study the changes (advance/retreat) of 
glaciers in Greenland. Glyphs of different shapes and colors were 
drawn on the sectors of a circle to represent individual changes. The 
visualization result, however, is a static picture without any 
interaction for exploring the detailed information, and the plot can 
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tasks, and one can use either one module separately, or two or three 
together based on the analytical tasks at hand. 

4 GLOBAL RADIAL MAP  

We believe that full awareness, investigation, and understanding of 
both time and spatial patterns at the same time is extremely 
important, and therefore design the Global Radial Map to visualize 
spatiotemporal patterns in a compact view.  

4.1 Map Drawing 

To embed a map into a circle, the map’s bounding box should fit into 
the circle. Using the traditional longitude/latitude equidistance grid 
projection, a world map could be projected onto a rectangle with the 
width twice of its height, which will waste much space in the circle, 
as shown in Fig. 3(left). We choose to change the map projection by 
selecting the Mercator projection [42] featured with shape-preserving 
after converting a world map to a square within a specified bounding 
box (longitude:-180°~180°, latitude:-85.05°~85.5°). The 
phenomenon of area enlargement becomes more serious as latitude 
increases, and the regions higher than 85.05° and lower than -85.05° 
cannot be mapped. Such effects on our visualizations are, however, 
limited due to the area-preserving feature of the Mercator projection 
and the fact of only one station (Amundsen-Scott South Pole Station) 
in such a high-latitude area. 
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Fig. 3. Comparison of traditional longitude/latitude equidistance grid 
projection (left) and Mercator projection (right).  

 

Our drawing method not only needs to cater for the world map, it 
should also be designed as generic as possible to accommodate other 
geographic shapes of different countries. One of the key problems is 
to compute the map’s central coordinate. Drocourt [8] used a 
modified standard formula to compute the map gravity center of 
Greenland. The author, however, has not considered the scale issue 
and not tested his method on any map having a concave polygon 
contour. Inspired by GIS platforms, we use several interactive 
operations, such as pan, zoom-in, zoom-out, etc., to operate maps 
containing any countries and areas, instead of using complicated 
algorithms. Through these interactions, users could flexibly explore 
various geographical areas at any scales in an interactive manner, 
which is particularly useful for visualizing big data obtained from a 
huge amount of stations.  

To keep the map style intuitive and minimize the viewer’s 
cognitive effort, we use the online tool ColorBrewer [1] to assign a 
color in the recommended color solution to each area. The selected 
color solution is also used for spatial mapping (see Section 4.2), in 
which stations are colored the same as the areas they belong to.  

4.2 Spatial Mapping 

Mapping each station with longitude, latitude and elevation 3D 
coordinate to a 1D angular coordinate system creates extra space that 
could be used to represent time and clustering information. One of 

the challenges in spatiotemporal mapping is to minimize the loss of 
spatial information when computing the angular coordinate for each 
station. The fact that not all the stations are on the contours of any 
country makes the coordinate transformation more difficult.  

To avoid that two geographically distant stations are arranged near 
each other on the ring, we use a hierarchical mapping strategy, i.e. 
first divide a map into several subareas and assign an angular span to 
each subarea in proportion to the number of the stations in that area, 
and then project the stations in each area onto the ring according to a 
reference. We use the latitude coordinate of a station as the reference 
(see Fig. 4b), because climate change is sensitive to the latitude.  
Having obtained the angular coordinate of the first station in one area, 
which is equal to the area’s starting angle, the angular coordinates of 
other stations in that area can be determined by simply adding an 
equal angular interval to the angular coordinate of the previous 
station to simplify the drawing algorithm and to maintain the 
symmetry of the visualization, as in Fig. 4a. 

Assume P be the set of stations, L be the set of hierarchical levels, 
and Ai be the set of subareas at the ith level. The algorithm of 
computing the origini,j and spani,j representing the starting angle and 
the angular span of the jth area in the ith  level as follows: 
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                    (a)                                                               (b) 

Fig. 4. (a) An example of spatial mapping (the ring band representing 
time information is omitted); (b) Sorting stations based on their 
latitudes.  
 

4.3 Temporal Mapping 

The Global Radial Map provides sector-based ring plot for 
displaying raw observation data, offering the visualization of the 
basic meteorological condition of each station. Radial direction 
indicates the positive direction of the time axis. Each sector indicates 
the time series of one station, while a radial bin is colored to 
represent the concrete attribute value at a time point. Fig. 5a shows a 
time series visualization example of four years at six stations. Each 
sector is colored according to the attribute value, and the selected 
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